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Abstract

Agentic artificial intelligence (Al), Al systems endowed with goal-directed autonomy, tool use,
and the capacity to coordinate workflows—is reshaping how businesses create value,
experiment, and scale operations. This paper synthesizes recent advances in agentic Al
architectures, empirical evidence on the economic impact of Al adoption, and insights from the
Lean Startup literature to argue that agentic Al is increasingly functioning as a “digital
co-founder” that can accelerate innovation, reduce time-to-market, and create new forms of
competitive advantage. Drawing on a recent technical introduction to agentic systems, the 2025
Stanford Al Index, and theoretical work on startups and the Lean Startup approach, the paper
outlines key use cases, benefits, risks, and open questions for practitioners and researchers.

Introduction

Businesses are moving from using Al as isolated prediction or classification tools toward
building agentic Al systems that can autonomously plan, act, and iterate in pursuit of business
goals. These systems can call external tools, orchestrate multi-step processes, and collaborate
with humans, thereby expanding Al’s role from “decision support” to “operational partner” in
organizations.

At the same time, economic data show that Al adoption is diffusing rapidly across sectors, yet
with highly uneven productivity and performance outcomes, suggesting that organizational
design and experimentation practices matter as much as the underlying models [Stanford HAI,
2025]. The Lean Startup framework, which emphasizes iterative experimentation, validated
learning, and resource-efficient innovation, offers a compelling lens to understand how agentic Al
can be embedded into business building processes [Olek, K, 2023].

This paper addresses the question: How is agentic Al helping in business, and through what
mechanisms does it interact with Lean Startup-style innovation practices?

Agentic Al: Concepts and Capabilities

Agentic Al refers to systems that go beyond static inference to exhibit persistent goals, planning,
and autonomous interaction with digital and physical environments. Rezazadeh and colleagues
define agentic systems as those that “use large language models as the core reasoning engine,
surrounded by modules for memory, tools, and environmental interaction” and emphasize three
pillars: autonomy, tool use, and multi-agent collaboration [Rezazadeh, F., and P. Bonehgazy, 2025].

Key architectural capabilities include:

e Planning and decomposition of tasks: Agentic systems can break high-level business
objectives into executable subtasks and adapt plans based on feedback [Rezazadeh, F., and P.
Bonehgazy, 2025].

e Tool calling and integration: Through APIs and other interfaces, agents can query databases,
trigger workflows in CRM/ERP systems, run simulations, or call specialized models, effectively
becoming orchestrators of complex digital processes.

e Memory and learning from interaction: Persistent memory modules allow agents to
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accumulate context about customers, markets, and internal processes, enabling personalized
and context-aware operation over time [Rezazadeh, F., and P. Bonehgazy, 2025].
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» Multi-agent collaboration: Multiple specialized agents (e.g., “researcher,” “designer,” “analyst”)
can coordinate around a shared objective, mirroring cross-functional teams and enabling
division of labor in digital environments.

These capabilities make agentic Al especially suited to business settings where tasks are
open-ended, involve heterogeneous tools, and require rapid iteration under uncertainty.

Economic and Organizational Impact of Al Adoption

The Stanford Al Index 2025 documents that Al adoption continues to rise across industries, with
strong uptake in knowledge-intensive sectors such as finance, professional services, and
technology [Stanford HAI, 2025]. Firms report using Al for process automation, knowledge
management, customer interaction, and decision support.

Empirical evidence, however, reveals heterogeneous outcomes: some firms achieve substantial
productivity gains and revenue growth while others see limited impact or even negative returns
due to integration costs and organizational frictions [Stanford HAI, 2025]. Studies cited in the
Index highlight that:

e Organizational complements skills, processes, and governance are critical in translating Al
capabilities into business value.

e Early adopters are more likely to pair Al tools with redesigned workflows and experimentation
practices, rather than merely “plugging in” models to existing processes.

e There is increasing interest in using Al not only to optimize existing operations but also to
accelerate innovation cycles, especially in startups and new product development [Stanford
HAI, 2025].

Agentic Al amplifies these dynamics by embedding Al deeper into the execution layer of
organizations, not just into analytics. This raises both the potential upside through automation of
complex workflows and the stakes for organizational readiness, governance, and risk
management.

Agentic Al and the Lean Startup Approach

The Lean Startup framework conceptualizes startup building as a cycle of “build-measure-
learn,” in which entrepreneurs create minimum viable products (MVPs), test them with
customers, and iterate based on validated learning [Olek, K, 2023]. Central principles include:

e Hypothesis-driven experimentation about customer needs and value propositions.
e Rapid, low-cost iterations to reduce uncertainty.
e Pivoting or persevering based on evidence rather than intuition alone.

Zygula’s theoretical considerations emphasize that applying Lean principles allows startups to
create unique market values under resource constraints, particularly in environments of high
uncertainty [Olek, K, 2023].

Agentic Al aligns naturally with this paradigm and can enhance each stage of the Lean cycle:
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1. Problem and market discovery
Agentic research agents can continuously scan academic literature, social media, market
reports, and competitor information to surface emerging customer pains and opportunities,
effectively automating parts of customer discovery and opportunity recognition [Rezazadeh, F,,
and P. Bonehgazy, 2025; Stanford HAI, 2025].

2. Hypothesis formulation and experiment design
Agents can propose alternative hypotheses about customer segments, value propositions, and
pricing models; then automatically generate experiment designs—A/B tests, landing pages, or
survey flows reducing the cognitive and operational cost of experimentation [Rezazadeh, F.,,
and P. Bonehgazy, 2025].

3. MVP building and iteration
With tool access to code repositories, design tools, and no-code platforms, agentic systems
can assist in generating prototypes, writing boilerplate code, creating user interfaces, and
integrating APIs. This compresses time-to-MVP and allows startups to run more experiment
cycles with the same resources [Rezazadeh, F., and P. Bonehgazy, 2025; Olek, K, 2023].

4. Measurement and analysis
Agents can monitor analytics dashboards, run statistical analyses, and translate results into
actionable recommendations, linking experimental outcomes directly back into strategic
decisions. This strengthens the “measure—learn” loop and supports evidence-based pivots
[Stanford HAI, 2025].

Taken together, these functions position agentic Al as a force multiplier for Lean Startup
practices, enabling “continuous experimentation at scale” that would be infeasible with human
teams alone.

Business Use Cases of Agentic Al
Across sectors, several recurring business patterns for agentic Al are emerging:

e Sales and marketing orchestration: Agents can autonomously identify leads, enrich contact
data, draft outreach sequences, and adapt messaging based on engagement metrics,
functioning as semi-autonomous “growth teams” [Stanford HAI, 2025].

e Operations and process automation: In service businesses, agents can coordinate scheduling,
inventory checks, billing, and customer communication across multiple tools, reducing manual
coordination overhead [Rezazadeh, F., and P. Bonehgazy, 2025].

e Knowledge management and decision support: Agentic systems can maintain dynamic
knowledge bases, retrieve relevant documents, and provide contextual summaries tailored to
specific roles, thus augmenting managerial decision-making [Rezazadeh, F., and P. Bonehgazy,
2025; Stanford HAI, 2025].

e Product development and innovation: Multimodal agents can support ideation, generate
design alternatives, simulate user journeys, and even benchmark against competitors,
embedding Al into R&D workflows [Rezazadeh, F., and P. Bonehgazy, 2025].

These use cases underscore that business value arises not only from prediction accuracy, but
from the ability of agents to orchestrate and adapt workflows in real time.

Risks, Limitations, and Governance Challenges
Despite its promise, agentic Al introduces several risks that businesses must address:

¢ Reliability and hallucination: Autonomous agents may confidently take incorrect actions due
to model errors, misaligned prompts, or incomplete context [Rezazadeh, F., and P. Bonehgazy,



2025].

e Safety and security: Tool-using agents, especially those with write permissions on production
systems, can inadvertently introduce vulnerabilities or propagate errors at scale [Rezazadeh, F.,
and P. Bonehgazy, 2025].

e Economic and labor impacts: The Al Index notes concerns about job displacement, skill
polarization, and the need for workforce reskilling; agentic systems that automate complex
workflows may intensify these trends [Stanford HAI, 2025].

e Ethical and regulatory considerations: Questions around accountability, transparency, and
fairness become more acute when Al systems move from recommending actions to executing
them.

Effective deployment therefore requires guardrails such as human-in-the-loop oversight, robust
evaluation frameworks, role-based access controls, and explicit organizational policies
[Rezazadeh, F., and P. Bonehgazy, 2025; Stanford HAI, 2025].

Discussion and Future Directions

Integrating insights from agentic Al research, macro-level evidence on Al adoption, and Lean
Startup theory suggests that the most successful businesses will treat agentic Al not merely as a
cost-saving tool but as an innovation partner. Startups and incumbents that institutionalize
hypothesis-driven experimentation and redesign workflows around Al-human collaboration are
likely to realize disproportionate gains [Olek, K, 2023; Stanford HAI, 2025].

At the same time, open research questions remain: How should organizations measure the ROI
of agentic systems beyond immediate cost savings? What governance models best balance
autonomy and control? How can we design evaluation benchmarks that reflect real-world
business workflows rather than isolated tasks [Rezazadeh, F., and P. Bonehgazy, 2025]?
Addressing these questions will be crucial as agentic Al becomes more deeply embedded in
business ecosystems.

Conclusion

Agentic Al is beginning to transform how businesses discover opportunities, build products, and
operate at scale. By combining autonomy, tool use, and workflow orchestration, agentic systems
can act as “digital operators” that enhance Lean Startup-style experimentation and enable
continuous innovation. Economic evidence, however, shows that realizing these benefits
depends critically on organizational complements processes, skills, and governance. For
founders, executives, and researchers, the central challenge is not whether to adopt agentic Al,
but how to design businesses and experiments that harness its capabilities responsibly and
effectively.

Practical Application

At Abriz we are pioneering the landscape of agentic ai by offering the worlds first personal ai
sales & presentation coach called Cue Al. It helps founders, sales specialist and anyone who
wants to sell or present to generate scripts, practice in real-time, receive valuable datapoints
from their performance and ultimately prepare them for tough Q/A sessions.
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